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Abstract: In modern years, network edges have been explored by many applications to lower commu-
nication and management costs. They are also integrated with the internet of things (IoT) to achieve
network design, in terms of scalability and heterogeneous services for multimedia applications. Many
proposed solutions are performing a vital role in the development of robust protocols and reducing
the response time for critical networks. However, most of them are not able to support the forward-
ing processes of high multimedia traffic under dynamic characteristics with constraint bandwidth.
Moreover, they increase the rate of data loss in an uncertain environment and compromise network
performance by increasing delivery delay. Therefore, this paper presents an optimization model with
mobile edges for multimedia sensors using artificial intelligence of things, which aims to maintain
the process of real-time data collection with low consumption of resources. Moreover, it improves
the unpredictability of network communication with the integration of software-defined networks
(SDN) and mobile edges. Firstly, it utilizes the artificial intelligence of things (AIoT), forming the
multi-hop network and guaranteed the primary services for constraints network with stable resources
management. Secondly, the SDN performs direct association with mobile edges to support the load
balancing for multimedia sensors and centralized the management. Finally, multimedia traffic is
heading towards applications in an unchanged form and without negotiating using the sharing of
subkeys. The experimental results demonstrated its effectiveness for delivery rate by an average
of 35%, processing delay by an average of 29%, network overheads by an average of 41%, packet
drop ratio by an average of 39%, and packet retransmission by an average of 34% against existing
solutions.

Keywords: multimedia sensors; optimizing resources; software-defined networks; delay controlled;
artificial intelligence of things

1. Introduction

A novel paradigm known as the internet of things (IoT) [1–3] emerged in the past
decade due to the development of wireless technologies. This paradigm was introduced by
Kevin Ashton in 1998 as a way to connect things or objects to the internet. The IoT now
has many applications, such as smart homes, smart cities, transportation, healthcare, etc.,
supporting the community with real-time data collection and analysis [4–6]. Multimedia
internet of things (MIoT) is promising for multimedia communication, in bringing novelties
and providing an emerging model with the integration of constraint-oriented sensor
networks [7,8]. The multimedia industry is comprised of graphical data, smart machines,
embedded systems, and media servers that increase the efficiency of production in an
optimized manner [9–11]. IoT-based sensors are distributed and installed in various
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objects for observing environment conditions and sending the collected information to
the end-user over the internet. In recent decades, many applications, such as agriculture,
healthcare, military, vehicles, multimedia, etc., have offered smart services to remote
users as well as controllers for physical communication [12–14]. However, the limited
resources of IoT nodes offer various restrictions for real-time applications. Therefore, most
existing solutions cannot be directly applied to multimedia-based networks. Moreover,
with the increasing network scale, in terms of IoT-based cameras, vehicles, sensors, etc.,
these physical objects must forward a huge amount of data, depleting their battery power
and explicitly decreasing the network performance. Unlike a wired network, wireless
topologies are more adaptive toward sharing and managing data transmission among
available communication channels [15–18]. However, the wireless medium is shared, and
many security threats are open for IoT-based networks. In MIoT, a huge amount of video
and audio data are forwarded from sensors to the public cloud for further processing and
storage purposes. However, most solutions impose additional communication overheads to
maintain the multimedia routing phase. Recently, many researchers [19–21] have focused
on coping with the routing policies in MIoT networks while considering the resource
constraints of sensors. Moreover, data security cannot be avoided in the environment of
the MIoT network due to the presence of malicious machines on the internet; such devices
may leak data privacy and compromise the transmission system among IoT objects [22–24].
This work presents a multimedia internet of things model for quality assurance with
the collaboration of intelligent edges and security against potential threats. It improves
the development of the multimedia industry, in terms of data delivery, by incorporating
intelligent edges with minimal time delays. The proposed model decreases the chances of
data congestion over the wireless channels in transmitting multimedia data, with efficient
utilization of a load on MIoT nodes. Moreover, the proposed model copes with vulnerable
attacks from malicious entries and increases the performance of the multimedia industry
by maintaining privacy and integrity. Furthermore, the security phase in the proposed
model deals with unauthorized access among malicious machines and safely stores the
data on the media systems for end-users.

This article presents an optimization model with SDN architecture for multimedia
sensors using artificial intelligence of things to provide reliable services, in terms of QoS,
and offers efficient performance for constraint resources. Moreover, the proposed model
supports trustworthy data delivery to network applications without compromising the
identities of devices and content. It utilizes the artificial intelligence of things with mobile
edges to offer multi-hop routing services and to attain low-cost communication overhead.
The initial routes are constructed using the basic requirements of any network domain
with the consideration of quality factors. Moreover, mobile edges ‘perform’ as borders
and control the flow management with SDN controllers. Mobile edges interact with the
control plane to keep the latest information of the multimedia traffic and network status.
Accordingly, the controller fetches the information from the control plane to know the
exact situation of the network and helps to manage the network resources efficiently in
a centralized manner. Moreover, the controller and switches utilize a low-cost secret
sharing scheme to cope with information privacy and identify the uncertain multimedia
traffic, increasing the efficacy of the communication system. The proposed model not only
provides higher bandwidth for large size media data using mobile edges, it also protects the
network data against anonymous behaviors. The three main contributions of the proposed
model are as follows:

1. It offers a learning approach, with a node prediction-based multimedia algorithm
by exploring the mobile edges; it attains high delivery performance with efficient
management of network bandwidth.

2. It offers a low-cost computation algorithm for constraint resources, with the integra-
tion of SDN technology and boundary edges for reducing the response interval, and
delays constraint multimedia applications.
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3. The multimedia traffic protects against different interference attacks and centralizes
the detection mechanism by increasing the support of the network applications.

The rest of the paper is as follows: Section 2 presents the related work and limitations
of the existing solutions. Section 3 introduces and discusses the proposed model. In
Section 4, we present the numerical analysis and results. We conclude the research work in
Section 5.

2. Related Work

In the smart industry [25–27], MIoT nodes perform a vital role in collecting and dis-
tributing data to end-users. The MIoT nodes are sensors that are used to observe the
reading of various physical objects in the industry and contribute to productivity. The
MIoT network is connected using wireless technology, and most of the proposed solutions
are prone to failure in the case of dynamic topologies. Optimizing the data routing in the
multimedia-based network (without disrupting the connected users or decreasing delay
time) presents significant research challenges. Moreover, security is necessary toward pro-
tecting the privacy of multimedia data, maintaining integrity against malicious attacks. The
authors proposed a lightweight blockchain architecture to decentralize the authentication
mechanism and claimed the effectiveness of the proposed framework for smart industrial
environments. The authors of [28] proposed a novel security-by-design method for the
security of the industrial internet of things (IIoT) and demonstrated its applicability by
applying it to a real case study of an IIoT scenario from the maritime sector. Their security
method involves analyzing the IIoT environment at two different levels—the modeling
level and the simulation level. At the modeling level, the method ensures modeling and
analysis of connections between IIoT components, and at the simulation levels, it provides
a set of algorithms for the automatic identification of potential attack paths and catego-
rization of the importance of such paths. The authors claimed that the proposed method
helped in the identification of security mechanisms to cope with attacks on critical assets.
Due to the emergence of IIoT [29], process industries have adopted wireless sensor-actuator
networks (WSANs) for the accomplishment of control applications. An end-to-end commu-
nication delay in such networks can be minimized by using efficient real-time routing. The
authors proposed a conflict-aware real-time routing scheme for industrial WSANs. The
proposed routing scheme is evaluated on a physical WSAN test bed based on simulations
and experiments that show a three-fold improvement in the real-time capacity of WSANs.
Reliability and high requirements for real-time communications are very important in
IIoT. The authors of [30] proposed a many-objective optimization algorithm based on the
dynamic reward and penalty mechanism (MaOEA-DRP). It optimizes the shared validation
validity model. Moreover, it achieves an optimized blockchain sharding method. The
simulation-based experimental results are proven to have significant improvements over
other solutions. The authors in [31] proposed a novel clustering method based on power
demand, which assures the security of data information in IIoT-based applications using
machine learning. In a first step, from mutual information of the primary channel and
eavesdropping channel, the security capacity of the system is calculated. After security
capacity calculation, and then keeping the constraint of the maximum transmit power, an
optimal transmit power is found using the deep learning technique, which maximizes the
security capacity of the system. In the final stage, the network is clustered according to the
calculated power demand. In [32], the authors proposed a routing algorithm that integrates
various phases, such as dynamic cluster formation and cluster head selection with multi-
path routing formation. It reduces the energy consumption and routing overheads among
the nodes. The proposed algorithm utilizes a genetic algorithm (GA)-based meta-heuristic
optimization and dynamically chooses the best path by using the cost function. The set of
experiments were conducted and analyzed, showing improved performances compared
to other solutions. The authors in [33] proposed a scheme and the wireless multimedia
sensor network in collecting data. Firstly, mobile sensor nodes were grouped in the cluster
and a single cluster head was selected for each cluster. Secondly, the selected CHs verified
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the identities of the mobile sink nodes and then forwarded the multimedia data. The
results showed significant performance when compared to other work. The authors in [34]
proposed a resource scheduling and secure data transmission of IIoT data using SoftMax-
DNN and improved RSA techniques. The authors validated and evaluated the proposed
techniques and existing techniques, using simulation in JAVA and NS3 platforms, by eval-
uating various performance metrics in terms of latency and throughput. The proposed
scheduling algorithm uses the NDRF-SSA clustering and SHA-512 algorithm; compared
with existing techniques, it attains the lowest latency, the lowest energy consumption,
and the highest network lifetime. In [35], a smart collaborative routing protocol with low
delay and high reliability was proposed, contributing to the mixed link scenarios. The
researchers constructed a one-hop delay model and analyzed the possible effects of the
media access control (MAC) layer. Moreover, data forwarding, maintenance, and efficient
policies were made to improve the performance of the routing protocol. Based on the
experimental results, it was observed that the ratio of latency decreased compared to the
existing solution. In [36], the authors proposed a mobile cloud-based scheduling strategy
for the IIoT. Different computing solutions, i.e., fog, mobile, and edge computing could
be combined in IIoT, allowing offloading of the execution of any task on the cloud system.
The proposed solution models the problem of task scheduling to optimize the energy
consumption issue. It uses genetic algorithms while taking into account task dependency,
data transmission, and resource constraints. The experiments were conducted; the results
showed significant improvement of the proposed solution when compared to the existing
work.

The technology of the IoT and mobile edges are broadly utilized for data sensing and
support efficient network structure. Such systems facilitate many network applications,
i.e., healthcare, military, farming, multimedia, agriculture, etc. However, the devices and
network sensors are restricted in various operations and resources. Such limitations impose
many difficulties in managing the network stability and are not able to fulfill the users’
demands. Nowadays, traditional solutions are not able to support real-time data collection
with a high amount of risky threats. Although some solutions are proposed in the literature,
they are not fully accurate in terms of delay tolerance and delivery performance, especially
when the network grows rapidly. Moreover, it was also observed that many proposals
have failed to provide light cost authentication.

3. Proposed Optimization Model

This section presents a detailed discussion of the proposed optimization model with
the integration of SDN architecture and mobile edges. It improves the efficacy of the delay
constraint multimedia applications and supports the system in reacting trustworthy in
case of unknown objects. Figure 1 depicts the workflow of the proposed model. It is
comprised of three main blocks: (i) network sensing; (ii) network edges; and (iii) software-
defined network architecture. In the first block, the sensors sense the multimedia data and
achieve a QoS-aware algorithm to lower the overheads on constraint resources. The second
block offers mobile edges that can collaborate with the sensing layer and SDN controller.
It decreases the delay factor while routing the multimedia traffic and offers the delay-
tolerant solution. In the last, SDN architecture is utilized to centralize the overall control
on the network infrastructure. It not only provides better resources management, but
also supports data security with the secret sharing scheme. This block increases the trust
among network applications and facilitates the boundary nodes to perform lightweight
data encryption with mutual authentication.

The proposed model contains three main phases. All of them operate independently
and interact with each other to support the network application with an affordable load
on the IoT network. The communication of the proposed model is divided into IoT
sensing, network edges, and SDN levels. In the beginning, we consider various MIoT
sensors to sense and transmit the multimedia traffic using mobile edges. The mobile edges
are movable in a fixed radius and have high resources for processing and data storage.



Sensors 2021, 21, 7103 5 of 13

MIoT nodes are not able to directly interact with SDN sink node. They can transfer the
multimedia data towards the sink node using the nearest mobile edges. In the proposed
model, the mobile edges perform a very crucial role in decreasing the excessive response
time and improving the delivery performance for delay-tolerant applications. MIoT nodes,
before initiating data forwarding, share their statistics, establish forwarding tables to retain
up-to-date information in their proximity, and train themselves for optimum outcomes.
The information comprises of identities ID, residual energy, distance, and link disturbing.
Afterward, they perform an authentication phase to verify with each other, using the
certificate tokens. All of the nodes exchange the certified tokens that are signed by the
master key km of each node. Upon successful reception of the token, each node marks the
entities to their forwarding tables. Moreover, each node forwards its tokens to the nearest
edge nodes, so their association can be created in the upper layer. Mobiles edges advertise
their identities IDs and positioning coordinates on a regular interval, so the nearest nodes
could detect their latest positions and update the forwarding tables. Moreover, the mobile
edges transmit their local tables to SDN controllers using deployed switches and routers. In
this way, the control plane gets the updated information of the network layer and manages
the resources efficiently for the constraint-oriented devices.

Sensors 2021, 21, x FOR PEER REVIEW 5 of 13 
 

 

 
 
 
 
 
 
 
 
 

 

 

 

 

 

 

 

Figure 1. Block diagram of the proposed model. 

The proposed model contains three main phases. All of them operate independently 
and interact with each other to support the network application with an affordable load 
on the IoT network. The communication of the proposed model is divided into IoT sens-
ing, network edges, and SDN levels. In the beginning, we consider various MIoT sensors 
to sense and transmit the multimedia traffic using mobile edges. The mobile edges are 
movable in a fixed radius and have high resources for processing and data storage. MIoT 
nodes are not able to directly interact with SDN sink node. They can transfer the multi-
media data towards the sink node using the nearest mobile edges. In the proposed model, 
the mobile edges perform a very crucial role in decreasing the excessive response time 
and improving the delivery performance for delay-tolerant applications. MIoT nodes, be-
fore initiating data forwarding, share their statistics, establish forwarding tables to retain 
up-to-date information in their proximity, and train themselves for optimum outcomes. 
The information comprises of identities ID, residual energy, distance, and link disturbing. 
Afterward, they perform an authentication phase to verify with each other, using the cer-
tificate tokens. All of the nodes exchange the certified tokens that are signed by the master 
key k୫ of each node. Upon successful reception of the token, each node marks the entities 
to their forwarding tables. Moreover, each node forwards its tokens to the nearest edge 
nodes, so their association can be created in the upper layer. Mobiles edges advertise their 
identities 𝐼𝐷𝑠 and positioning coordinates on a regular interval, so the nearest nodes 
could detect their latest positions and update the forwarding tables. Moreover, the mobile 
edges transmit their local tables to SDN controllers using deployed switches and routers. 
In this way, the control plane gets the updated information of the network layer and man-
ages the resources efficiently for the constraint-oriented devices. 

Afterward, the proposed model adjusts the data flow among MIoT nodes using in-
telligent decisions. The source advertises the route request RREQ packet to identify the 
initiate route for data routing. Upon receiving, the neighbor nodes respond with status 
information 𝑛௦ along with their identities 𝐼𝐷௜. The status information is determined by 
utilizing the distance 𝐷௧, received signal strength indicator RSSI, and re-transmission in-
terval 𝑅𝑡௜௡௧ factors, as given in Equation (1). 

Figure 1. Block diagram of the proposed model.

Afterward, the proposed model adjusts the data flow among MIoT nodes using
intelligent decisions. The source advertises the route request RREQ packet to identify the
initiate route for data routing. Upon receiving, the neighbor nodes respond with status
information ns along with their identities IDi. The status information is determined by
utilizing the distance Dt, received signal strength indicator RSSI, and re-transmission
interval Rtint factors, as given in Equation (1).

ns= min(Dt + Rtint) + max(RSSI), (1)

In Equation (2), Dt is the integration of a two-level distance dist, i.e., the Euclidean
distance, from the source node to neighbor α and from neighbor α to mobile edge β, as
given below.

Dt = dist(α, β), (2)
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Using the computed value of ns, the source node updates its forwarding table and
sends the data toward the mobile edge based on the hop-to-hop paradigm. However, it
might be a case where the mobile edge is directly accessible by the source node. In such
a situation, the source node sends the data directly without evaluation ns values. In the
proposed model, the network edges are mobile and adjust the coordinates frequently; thus,
its latest position eps can be determined using Equation (3).

eps= (P0 − Pi)/S (3)

In Equation (3), Pi and P0 are initial and current 2D coordinates, whereas S is the speed
of the mobile edges. The positioning coordinates are obtained using the installed global
positioning system (GPS) on mobile edges. Later, the network edges on different levels
initiate their work collaboratively, to deliver the MIoT data toward the SDN controller
using employed switches and routers.

In the proposed model, SDN deploys on the top level and it supervises all of the
network operations in a centralized manner. To support the data protection on each level,
SDN generates a secret key S, which is to be divided between the set of n network edges
based on Shamir’s secret sharing scheme [37]. It is also called (t, n) threshold based secret
sharing, such that, any t subset of network edges are sufficient to recreate the secret key
S. However, less than t or a fewer number of subkeys cannot reconstruct the secret key S.
Afterwards, the SDN controller transmits the share of the key Si to the network edges, which
is also digitally signed by the SDN master key mkSDN . On receiving the secret share, each
network edge node is first verified by decrypting the secret share, and afterward, it further
floods towards an individual node that is associated with the network edge. Let us consider
that mi denotes message pieces that must be sent from the nodes toward the network edges.
Then, nodes perform a mapping function using a set of subkeys (S0, S1, . . . , St−1), and are
digitally signed by their master keys mkn, as given in Equation (4).

Ei = mkn((Si, mi), xor) (4)

After receiving the encrypted data Ei, the network edges verify it, and upon successful
verification, the data are transmitted toward the controller using deployed switches, as
given in Equation (5).

Xi = f (IV+ (mi, Si) xor) + D (5)

where IV is a nonce, and is used to make the encryption process more randomized, and
D denotes the digital signature of the network edge. When the SDN controller receives
the encrypted data Xi, it performs a decryption function Yi, as given in Equation (6), and
forwards to the application devices for connected nodes that can retrieve it for the needed
purpose.

Yi = ((mi, Xi) xor) (6)

Figure 2 illustrates the flow chart of the proposed model. It initiates a network-sensing
component using IoT devices and multimedia sensors. The sensors are very restricted
for resources, and cannot transmit a huge amount of media traffic; thus, the proposed
model offers a QoS-aware routing algorithm, while considering the node statistics and user
demands. In addition, mobile edges are utilized in the proposed model to overcome the
delay factor, reducing the size of forwarding tables for sensors nodes. The mobile edges
perform an interaction with both IoT nodes and the SDN controller by deployed switches
and routers. The SDN controller decouples the control plane and data plane and fetches
the store information from the control plane to manage the multimedia traffic with efficient
data distribution and resource supervision. Moreover, the controller utilizes a threshold-
based secret sharing scheme to increase the secrecy level among low level and boundary
nodes. Such components support trustworthy communication from sensing nodes to
network applications. The boundary nodes that perform a vital role while maintaining the
node records are also securing from malicious threats, based on the SDN architecture.
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4. Performance Evaluation

In this section, we present the simulation environment and experiments discussion.
The experiments were conducted in OMNET++ [38,39], which is widely used by the re-
search community to simulate network technologies and standards. We ran the simulations
on a laptop with a 16 M cache, 256 GB RAM, and a 4.40 GHz Intel processor. The perfor-
mance was evaluated against existing schemes over a 1000 × 1000 m area. We considered
the transmission range of each node to be 10 m. To evaluate the security significance, we
deployed 10 malicious nodes randomly. Moreover, switches and routers were deployed
with the POX controller. Initially, the energy resource of each sensor node was set to 2 j. We
executed the simulation for 2000 s. The size of the data block was fixed to 32 bits. The ex-
periments were conducted based on the delivery rate, network overhead, processing delay,
and packet loss rate under varying network nodes and data receiving rates. The proposed
model was compared with existing solutions, i.e., MaOEA-DRP and smart collaborative
routing protocol, as explained in [30,35]. The default parameters are listed in Table 1.

Table 1. Default parameters.

Parameters Values

Simulation area 1000 × 1000 m

Sensor nodes 100–500

Malicious nodes 10

Data block, k 32 bits

Initial energy 2 j

Transmission power 5 m

Simulation interval 2000 s

Transmission radius 5 m

Data flow Periodic



Sensors 2021, 21, 7103 8 of 13

In Figure 3, the experimental results illustrate that the proposed model improves the
packet delivery rate by 30% and 40%, as compared to other solutions. Thus, the proposed
model utilizes a multi-hop transmission system for routing the MIoT data and optimizes
the forwarding decision. The intelligent decision determines the packet variability factor
for the neighbor nodes and increases the packet delivery performance. Furthermore, the
communication medium is protected in the existence of malicious packets and efficiently
utilizes resource management. Accordingly, the proposed model minimizes the ratio of
congestion on the wireless channels and achieves robust transmission. The proposed
model makes use of mobile edge, computing high-performance nodes for collecting the
MIoT data from sensors, and increases the efficacy of data management. Unlike other
solutions, the proposed model decreases the exchange of control messages among the
nodes and ultimately improves the throughput of the MIoT network. Figure 4 illustrates
the performance of the proposed model for routing overheads in the comparison of existing
solutions. It is noticed that the proposed model reduces the routing overheads by 38%
and 44%, respectively, under a varying number of nodes. Unlike the existing solution
that frequently exchanges control and route request messages among nodes in case of a
larger network size, the proposed model explicitly avoids such practice. It only selects the
MIoT node as a data forwarder when the selection criteria are less than a certain threshold.
Moreover, the proposed model efficiently utilizes the energy resource of the MIoT nodes
and decreases the rapidly routing messages. Moreover, due to the mobile edge computing
nodes, the MIoT nodes enforce the least communication costs in forwarding and choosing
the optimal route. Accordingly, the proposed model imposes fewer overheads on the part
of MIoT nodes and improves the network performance by selecting the more reliable routes.
Figure 5 demonstrates the performance results, in terms of processing time for the proposed
model against other solutions. Based on the experiments, it is seen that the proposed model
improves the time delay by 24% and 33% than the exiting work. The improvement is due
to balancing the energy and data-forwarding load among the MIoT nodes using the packet
variability factor. Moreover, using secret sharing with mobile edges, the proposed model
prevents the malicious nodes from being part of the MIoT network, and avoids frequent
transmission of false or bogus data packets. The proposed model efficiently utilizes the
transmission power of mobile edge computing nodes and improves routing management.
Using a multi-hop communication system, the proposed model decreases the chance for
the selection of the longer route. Moreover, based on the packet variability factor among
MIoT neighbors, the proposed model forwards the observing data timely, and with more
consistency in the chosen route. Therefore, it prolongs the lifetime of the active routes
and, accordingly, improves the performance of end-to-end delay remarkably. In Figure 6,
the experimental results illustrate the performance of the proposed model, in terms of
packet drop ratio, compared to the existing solution. It is observed that the proposed
model decreases the packet drop ratio by 37% and 41%, respectively; this is due to the
determination of packet variability by utilizing the distance and RSSI factor. It optimizes
the MIoT route among constraint resources and provides strengthened peer nodes for
accomplishment to data storage on the public cloud. Moreover, the proposed model
offers a more secure and authenticated routing mechanism, using a secured approach that
increases the confidence ratio among nodes, and incurs minor data lost in the occurrence of
malicious entities. In Figure 7, the proposed model evaluates the reliability of the proposed
model in the comparison with an existing solution. It is seen from the simulation-based
results under a varying number of nodes that the proposed model improves the packet
drop ratio against other work by 29% and 39%. It is due to the incorporation of the reliable
routing and secure cryptosystem for the MIoT network, improving productivity for the
industry. The use of mobile edge nodes also decreases the energy consumption among
MIoT nodes and, ultimately, the lifetime of the network increases with the efficient practice
of data aggregation/fusion. Moreover, the MIoT data are securely transmitted to the cloud
for further processing and storage based on the lightweight cryptography asymmetric
algorithm, which increases the reliability among nodes against network threats.
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5. Conclusions

In this paper, the optimization model with mobile edges for multimedia sensors using
artificial intelligence of things is presented, which aims to increase the management of
network resources in multimedia traffic with securing transmission. It provides the real-
time paradigm for critical MIoT-based applications and facilitates production with high
reliability. Moreover, communication is secured under the occurrence of malicious nodes
with the lightweight nodes’ power of the MIoT network using intelligent SDN technology.
It gives intelligent decisions among mobile edges by evaluating the QoS features and
strengthens the network performance. Moreover, nodes are authenticated with each other
and secret shares by using the Shamir secret sharing scheme. The set of experiments were
performed in the OMNET++ simulator, and based on the results analysis, it is proven
that the proposed model remarkably increases the performance for the delivery rate, time
delay, routing overheads, packet drop ratio, and reliability, than benchmark solutions. The
proposed model gives some intelligence using edge computing; however, it faces some
communication expenses in determining the optimal forwarders. Thus, in the future, we
aim to utilize the transfer learning technique and train the IoT network with a real-time
data set.

Author Contributions: Conceptualization, A.R., K.H. and T.S.; Methodology, A.R., T.S., K.H.; Soft-
ware, A.R., S.S., J.L.; Validation, J.L., S.S.; Formal Analysis, A.R., J.L.; Investigation, A.R., K.H.,
T.S.; Resources, A.R., J.L.; Data Curation, S.S., J.L.; Writing—Original Draft Preparation, A.R., K.H.;
Writing—Review & Editing, T.S., J.L.; Visualization, S.S.; Supervision, J.L.; Project Administration,
A.R.; Funding Acquisition, A.R., J.L. All authors have read and agreed to the published version of
the manuscript.

Funding: There is no funding for this research work.

Institutional Review Board Statement: None.

Informed Consent Statement: None.

Data Availability Statement: All Data is available in the manuscript.

Acknowledgments: This research was technically supported by the Artificial Intelligence & Data
Analytics Lab (AIDA) CCIS Prince Sultan University, Riyadh, Saudi Arabia. The authors are thankful
for the technical support.



Sensors 2021, 21, 7103 12 of 13

Conflicts of Interest: The authors declare no conflict of interest.

References
1. Khan, M.A.; Salah, K. IoT security: Review, blockchain solutions, and open challenges. Future Gener. Comput. Syst. 2018, 82,

395–411. [CrossRef]
2. Lee, I.; Lee, K. The Internet of Things (IoT): Applications, investments, and challenges for enterprises. Bus. Horiz. 2015, 58,

431–440. [CrossRef]
3. Haseeb, K.; Lee, S.; Jeon, G. EBDS: An energy-efficient big data-based secure framework using Internet of Things for green

environment. Environ. Technol. Innov. 2020, 20, 101129. [CrossRef]
4. Ghazal, T.M.; Hasan, M.K.; Alshurideh, M.T.; Alzoubi, H.M.; Ahmad, M.; Akbar, S.S.; Al Kurdi, B.; Akour, I.A. IoT for Smart

Cities: Machine Learning Approaches in Smart Healthcare—A Review. Future Internet 2021, 13, 218. [CrossRef]
5. Hossain, M.S.; Muhammad, G.; Alamri, A. Smart healthcare monitoring: A voice pathology detection paradigm for smart cities.

Multimed. Syst. 2019, 25, 565–575. [CrossRef]
6. Zhong, M.; Yang, Y.; Yao, H.; Fu, X.; Dobre, O.A.; Postolache, O. 5G and IoT: Towards a new era of communications and

measurements. IEEE Instrum. Meas. Mag. 2019, 22, 18–26. [CrossRef]
7. Diaz, J.R.; Lloret, J.; Jimenez, J.M.; Rodrigues, J.J. A QoS-based wireless multimedia sensor cluster protocol. Int. J. Distrib. Sens.

Netw. 2014, 10, 480372. [CrossRef]
8. Yazici, A.; Koyuncu, M.; Sert, S.A.; Yilmaz, T. A fusion-based framework for wireless multimedia sensor networks in surveillance

applications. IEEE Access 2019, 7, 88418–88434. [CrossRef]
9. Ahmed, A.A. A real-time routing protocol with adaptive traffic shaping for multimedia streaming over next-generation of

Wireless Multimedia Sensor Networks. Pervasive Mob. Comput. 2017, 40, 495–511. [CrossRef]
10. Li, S.; Kim, J.G.; Han, D.H.; Lee, K.S. A survey of energy-efficient communication protocols with QoS guarantees in wireless

multimedia sensor networks. Sensors 2019, 19, 199. [CrossRef]
11. Mendes, L.D.; Rodrigues, J.J.; Lloret, J.; Sendra, S. Cross-layer dynamic admission control for cloud-based multimedia sensor

networks. IEEE Syst. J. 2013, 8, 235–246. [CrossRef]
12. Rehman, A.; Haseeb, K.; Saba, T.; Lloret, J.; Ahmed, Z. Mobility Support 5G Architecture with Real-Time Routing for Sustainable

Smart Cities. Sustainability 2021, 13, 9092. [CrossRef]
13. Rehman, A.; Haseeb, K.; Saba, T.; Lloret, J.; Tariq, U. Secured Big Data Analytics for Decision-Oriented Medical System Using

Internet of Things. Electronics 2021, 10, 1273.
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