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Abstract 

This paper brings together two strands of technology for CALL – corpus tools and generative AI – 

in an integrative approach to learning both language and content for ESP. Geography students in 

France in the first year of a master’s degree worked in small groups to compile an academic 

corpus on a disciplinary topic of their choice, then explored this using AntConc, with GenAI to 

help present their work in written reports and spoken presentations. The paper outlines the course 

and draws on the post-course questionnaires to explore how students appropriated the tools and 

methodologies of both corpus linguistics and GenAI. 
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1. Introduction 

Data-driven learning (DDL) exploits corpus tools and techniques for learning and using foreign or second 

languages (L2), especially via concordances, collocates, frequency lists and distributions. Though commonly 

used for lexicogrammar, it can also suggest nuances of meaning: the phrase loved ones, for example, may seem 

to be an obvious term for close friends and families, but it does not exist in many dictionaries, and examination 

of corpus data shows that it is typically associated with bereavement or other traumatic events; the top 10 

collocates from the Corpus of Contemporary American English include lost, victims, deceased, deaths and 

graves (cf. Figure 1). DDL has been found to produce medium to large effect sizes in most areas where it has 

been tried extensively (Boulton & Cobb, 2017), but barriers to its implementation include training to use 

procedures and interfaces which are not always intuitive, formulating queries, and interpreting the output (Sun & 

Mizumoto, 2025). An obvious question in this context is whether generative artificial intelligence (GenAI) might 

be able to counter some of these difficulties. 

 

Figure 1. Random concordance data for loved ones (COCA). 
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Following the public release of ChatGPT in November 2022, much attention has been focused on it as a 

“disruptive technology” (Todd, 2025) – in other words, to consider how to limit its effects so that teaching and 

research can continue as before. For educational aspects, the institutional response has concentrated on 

eliminating cheating (Freeman, 2025), largely involving a return to pen-and-paper evaluation in exam rooms. 

While this may work in the short term, it is essentially a capitulation to technology; a longer perspective might 

focus on its potential for positive change – potential to reduce the need for some learning (especially the boring 

parts), but potential also to help with learning. In research, the extreme scenario would be that entire fields of 

study become redundant and disappear. Surprisingly, perhaps, many researchers with vested interests and entire 

careers built in such areas have been eager to test GenAI and are open to the changes it may bring. For example, 

current generations of GenAI may be inferior to corpus linguistics in some respects, at least at this point in time, 

but some studies suggest that it can actually generate “much better data than even the most advanced corpora” 

(Davies, 2025, n.p.). Similarly, we cannot simply assume that DDL will endure in its current form when GenAI 

can do many of the same things faster, more efficiently, more intuitively (Crosthwaite & Boulton, 2025). But nor 

should we assume the worst. For DDL as in other fields, the answer may be: “not so fast!” (Crosthwaite & Baisa, 

2023). What is needed is empirical evidence from actual classrooms in addition to researcher experimentation 

with GenAI (e.g. Liu & Ma, 2025). 

This paper reports on an attempt to integrate corpus techniques and GenAI into a course that goes beyond just 

language-oriented DDL to include discovery of discipline-specific content. In earlier work, Boulton (2024) asked 

five cohorts of his online master’s students of English to compile and explore a corpus relating to their 

disciplinary interests, reporting back as a final project. Charles produced a series of papers over several years of 

a course for master’s and doctoral students with an immediate need for disciplinary writing (course papers, 

dissertations, publications), also compiling a corpus of research articles (RAs) for exploration (see Charles & 

Hadley, 2022). Such studies have typically targeted relatively advanced and motivated students with specific 

needs, while there has been less work with other population types (Boulton & Vyatkina, 2021).  

2. Method 

This paper explores the introduction of DDL and GenAI with master’s students studying Geography (n=33) in 

France who do not have immediate writing needs and are mostly at B1-B2 level of proficiency. It was guided by 

the following research questions:  

(1) How do these learners take to the approach and tools?  

(2) How do they combine corpus software and GenAI?  

(3) Do they learn about their topic and the language at the same time? 

The first two-hour classes introduced the tools, assignments and objectives, with the following 16 hours allowing 

the students to explore all of this and produce their final projects, presented in the last two sessions. Mastering all 

tools was an integral part of the course, from their own explorations, in-class help and online video tutorials; the 

objective being to provide a original perspective on English in their field, which they discovered for themselves. 

Each sub-group of about three students chose 15 research articles (RAs) in pdf format (unedited except to 

exclude references and extraneous matter) to analyse using AntConc (Anthony, 2024); the total corpora 

consisted of 165 academic texts (1.2m tokens), mostly published in appropriate journals over the last 10 years, 

and relating to each group’s specific topic. The students completed a collaborative worksheet involving word 

lists (with and without a tailored stoplist) and n-gram lists of varying length, and exploring selected items in 

more detail (plot, cluster, collocates and KWIC tools). Each group’s written report included a corpus breakdown 

and full references (APA7) along with corpus screenshots to force use of AntConc, each accompanied by a short 

comment; they could use GenAI to help make sense of the results and to help write up the results. They were 

asked to provide 200-word outlines for what they felt they had learned (a) about the language, and (b) about the 

tools and approach (specifically, corpora and GenAI). A final group presentation was based more on the topic as 

featured in the RAs, with AntConc and GenAI helping with the analyses, scripts and visuals. The data collected 
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thus consisted of corpora, written assignments and visual supports for the oral from each of the 10 groups, along 

with individual course marks and questionnaires for all 33 participants, collected online after the course end and 

following best practice (e.g. Dörnyei & Dewaele, 2023; Mizumoto et al. (2016). Given space constraints, the 

results presented here are mainly derived from the questionnaires, somewhat condensed. 

3. Results 

The groups’ final grades in this course ranged from 57% to 82% (M = 67%, SD = 8.3%). As pedagogical marks, 

this seems highly satisfactory, but further findings were more mixed. The final two sections of the worksheet 

involved free text so were submitted to an AI-detector, estimated to be between 6% and 100%. The mean is 

certainly high at 66% (SD = 0.36), but classroom observation over the semester noted that they were for the most 

part producing original text and using GenAI to improve it, as requested. There was a slight inverse correlation 

(r=-.23) between this and the written marks, suggesting that the ‘weaker’ students resorted more to AI, though 

the two best marks were for assignments estimated at 13% and 81% AI-generated text respectively. The students 

formed into groups spontaneously, mostly with friends, meaning that each was of mixed proficiency; overall, 

they self-estimated mainly at B1 (N=13) or B2 (N=11) level. More specifically, they rated various English-

related abilities relatively low, speaking being the highest skill with a mean of just 3.1 (Figure 2). Though they 

had little previous experience of reading RAs even in French, by the end their average assessment was among 

the highest, as it was for corpus tools (M=3.21 for both), which none had ever used before. In general, there was 

a medium correlation between their self-assessment and their enjoyment of English (M=3.5; r=.55) and with 

their daily use of the language (M=2.7; r=.51), but not their perception of the importance of English in their 

studies (M=3.4; r=.22), still less for their future careers (M=3.3; r=.17), as recorded on a 5-point Likert scale 

ranging from 0 = strongly disagree to 5 = strongly agree (intermediate scores were not labelled). 

 

Figure 2. Mean ratings for English-related abilities (5pt Likert scale). 

3.1. Corpus tools 

Appreciations of the corpus tools were also relatively low: the students rated the ease of use of AntConc at only 

2.4 (Figure 3); of the various tools in the software, their favourite was the n-gram tool but still only at 3.0, while 

all the others scored between 2.7 and 2.8. This is partly because 7 students consistently ranked all items low, i.e. 

averaging less than 2.0. These preferences also do not seem to correlate with their overall English proficiency 

(r=.04). 
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Figure 3. Mean ratings for corpus tools and use. 

3.2. GenAI tools 

Presented with a checklist, all students said they had used at GenAI tools at least once; the favourites were 

ChatGPT and DeepL–translate for 28 students, followed by Scribbr (14), DeepL–write (13), Gemini (7), 

DeepSeek (6), and a handful of others. For regular use, they cite ChatGPT (15), DeepL (10) and Scribbr (4); a 

few others were listed by one person only. They rate GenAI for personal use and for their studies (Figure 4), as 

well as for English, and claim to be aware of its advantages (M=4.0) and especially the associated dangers 

M=(4.4), though they do not always check results (M=3.0). For the present course, they claimed mainly to use it 

for improving text (M=3.2), more than summarising (M=3.2), translating (M=2.5) or generating text (M=2.4), 

Though they generally found it easy to use (M=3.64), it is interesting to note that they did not rely on it much to 

analyse the output from AntConc (M=2.4); this suggests that they did not find the data output from the various 

tools particularly difficult to interpret. 

 

Figure 4. Mean ratings for GenAI tools and use. 

3.3. Overall course appreciation 

Feedback on the course as a whole was quite mixed (Figure 5): the students particularly appreciated freedom to 

choose their own topic (M=4.6) and the trust they felt from the teacher in this regard (M=4.18); they also liked 

working in groups for the most part (M=3.8), but not so much that this required them to work actively rather than 

‘being taught’ (M=2.8). They preferred working on their oral presentations (M=3.6) to exploring RAs (M=3.0), 

and preferred using GenAI (M=3.0) to AntConc (M=2.15), though a combination of the two was perhaps an 

appropriate mix (M=2.8). Open-ended questions indicate a certain distrust of GenAI, which is the position taken 
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by many of their teachers, which may sit uncomfortably with being encouraged to use it in this class; they would 

also have appreciated more extensive explanation on why a corpus approach is useful, and how to use AntConc. 

 

Figure 5. Mean ratings for course appreciation. 

4. Discussion and Conclusion 

This paper outlined a course that required ESP students in France to work collaborative on a DDL approach to 

analysing a self-compiled corpus relating to a topic they chose themselves, alongside GenAI. Other data sources 

have yet to be fully analysed (coursework and corpora in particular), but the post-course questionnaire results are 

mixed: the students appreciated the freedom to work on a topic of their own choice, but did not fully understand 

the rationale underlying the approach; they felt they were left too much to their own devices and would have 

liked more specific guidance in using the corpus tool, and more ‘being taught’ as they were used to. Of course, 

this reflects only their stated perceptions and preferences – which can tend towards the negative for almost any 

approach to ESP in HEI in France – and in any case, the teacher is not there just to do what the students want; 

however, it would be arrogant simply to ignore them. It may be an indication that as a teacher also researching 

DDL, it is easy to assume that students will immediately see why the approach should be helpful, and to 

underestimate the difficulties in introducing a new approach to students at these levels of proficiency and with 

limited ESP needs, both current and future. 

Despite the mixed results, the intention is to continue but with a number of changes. Future iterations will offer a 

more gentle lead-in to DDL and its rationale, presenting more varied and accessible examples at the start of the 

course which the students can mirror on their own laptops, before requiring them to form their groups, choose 

their topic and start work. AntConc and GenAI will be presented in tandem, to be integrated rather than treated 

separately; the written assignment will provide more specific guidance in the form of a template; and the groups 

will be monitored more closely rather than waiting for students to request help. This reflects a conviction that 

students can be trusted to make important decisions about their language learning, provided that scaffolding is 

made available; that DDL can bring real benefits to such students, for the specific language and topic covered, as 

well as a novel perception of what language is and how it functions in specific cases, which should help in the 

future; and that GenAI can and should be integrated in language education rather than ignored (Pérez-Paredes & 

Boulton, 2025). 

As outlined in Crosthwaite and Boulton (in press), given that GenAI exists, it would be blinkered to assume that 

DDL can or should continue as before, entirely unaffected. The other extreme – that DDL should be abandoned 

altogether – seems equally undesirable. More promising is to play to the strengths of each, though how exactly 

remains to be seen. None of the groups in the present study showed interest in using the ChatAI tab in AntConc, 

and only some of them used their chosen GenAI tools to help interpret the corpus output, preferring to use it to 

refine their writing and produce visuals for the oral presentations. Whether the DDL and GenAI tools can merge 

more fruitfully remains to be seen. 
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